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Abstract
In the evolving digital economy, professional visibility on networks
such as LinkedIn [14] has become a critical determinant of career
trajectory, influence, and the emerging metric of “LLM discover-
ability.” For the general public and the research community alike,
the ability to translate technical expertise into engaging market
narratives is essential for professional survival. However, the vast
majority of individuals lack the marketing acumen required to
maintain a high-frequency, high-quality public presence. While the
democratization of LLMs appears to offer a solution, these systems
inherently suffer from probability maximization mechanisms that
drive outputs toward the statistical mean. Consequently, standard
automated systems frequently result in “lexical homogenization,”
where generated content becomes repetitive, generic, and devoid
of the unique perspective necessary for effective personal branding.
This technological limitation leads to poor content performance
and fails to distinguish individual professionals from the noise of
AI-generated text.

To address this communication deficit, we introduce SOMIN, an
Agentic AI-ready marketing ideation platform that bridges the gap
between technical expertise and public engagement by employing
Dynamic Retrieval Augmented Generation (DRAG). By anchoring
its outputs in a near-real-time corpus of LinkedIn insights from lead-
ing Information Retrieval researchers, SOMIN internalizes thought
leadership best practices, enabling users to overcome the content
creation cold start” problem and produce distinct, highly engaging
professional narratives. Our demonstration will showcase SOMIN’s
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dual capabilities: first, through real-time user interaction where
conference participants can analyze SIGIR themes to ideate per-
sonalized LinkedIn posts on the spot, and second, by highlighting
its agentic readiness” via a fully autonomous, Zapier-orchestrated
workflow. In this integrated pipeline, SOMIN acts as the core tech-
nical narrative engine—identifying market tensions and triggering
downstream agents to seamlessly schedule and publish—thereby
automating 100% of the content production process and empower-
ing professionals to build sophisticated communication strategies
that secure their visibility within an increasingly AI-mediated in-
formation ecosystem.

CCS Concepts
• Information systems→ Social networks; •Computingmethod-
ologies→ Natural language generation; •Human-centered
computing→ Social content sharing.
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1 Introduction
As digital platforms redefine career progression, "LLM discoverabil-
ity" has emerged as a crucial metric for professional survival. While
translating technical expertise into engaging public narratives is
now essential for both researchers and the general public [16],
most individuals lack the marketing acumen required to maintain
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Figure 1: SOMIN Process Workflow Diagram

a consistent, high-quality presence across key channels like Reddit,
LinkedIn, and YouTube. This widening gap has fueled a growing
demand for systems capable of transforming deep technical knowl-
edge into effective public communication, utilizing multi-platform
user profiling to accurately predict and optimize online behav-
iors [7, 8, 10, 17, 19, 20, 22].

While the democratization of LLMs appears to offer a solution,
these systems inherently suffer from probability maximization
mechanisms that drive outputs toward the statistical mean [1].
This limitation results in "lexical homogenization," where standard
automated systems generate content that is repetitive, generic, and
devoid of the unique perspective necessary for effective personal
branding [13]. Such technologies, while useful for general draft-
ing, frequently fail to distinguish individual professionals from the
noise of AI-generated text. To date, the focus of generative tools has
been skewed towards broad applicability rather than internalizing
the specific stylistic nuances and multi-view personality traits re-
quired for high-impact thought leadership and responsible creative
evaluation [2, 4–6, 18, 24].

In an endeavor to bridge this technological divide, we must move
beyond generic text generation toward domain-specific alignment.
Significant advancements in Agentic AI [23] and RAG-enabled/fine-
tuned language models suggest a vast, yet untapped potential to
direct content creation strategies that reflect genuine expertise.
Advancing these technologies is essential to equip professionals
not only with automated text but with a communicative style that
is both professional and optimized for engagement.

In this technical demonstration, we introduce SOMIN [11], an
Agentic AI-ready marketing ideation and generation platform de-
signed to bridge the gap between individual professional expertise
and effective public communication. Unlike general-purpose gen-
erative models, SOMIN’s dynamic RAG system is grounded in a

curated corpus of high-impact content produced by leading Infor-
mation Retrieval researchers retrieved in nearly real time. This
domain-specific grounding enables the system not only to gener-
ate coherent content but also to internalize established thought-
leadership patterns, which are systematically decomposed into
actionable marketing constructs such as personas, narrative ten-
sions, relevance signals, and strategic themes. Furthermore, we
demonstrate the system’s agentic readiness through its integration
with Agentic Workflow building tools such as Zapier [27], enabling
a fully autonomous pipeline in which the platform generates the
technical narrative and publishes daily posts to the main author’s
LinkedIn timeline. This deployment illustrates the sustainability
and scalability of the proposed approach in a real-world setting.
This allows professionals to overcome the "cold start" problem and
build sophisticated communication strategies on the fly, securing
their visibility in an increasingly AI-mediated information ecosys-
tem.

We next outline the SOMIN platform. Figure 1 illustrates the end-
to-end content processing pipeline and agentic workflow. At the
backend, the system operates as a continuous feedback loop, ingest-
ing content performance signals to iteratively refine subsequent
generations. The overall workflow is composed of the following
tightly integrated stages:
I. Dynamic RAG-based Content Filtering and Grounding:
SOMIN employs a dynamic Retrieval-AugmentedGeneration (DRAG)
pipeline that departs from static parameterization by continuously
refreshing its retrieval corpus from LLM-observed content streams
(e.g., LinkedIn). The incoming multi-modal content is first scored
using the click-through rate (CTR) prediction deep architecture
outlined in Farseev et al. [9], and only high-performing items are
admitted into the indexed corpus. This performance-aware filter-
ing mechanism constrains generation to a near–real-time set of
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predicted Click Through Rate-validated industry narratives, improv-
ing temporal relevance and reducing reliance on stale or weakly
grounded training data.
II. Decomposition of Thought Leadership Patterns: The re-
trieved content is not merely mimicked; it is analyzed to extract
deep structural insights. The system systematically decomposes
successful posts into actionable marketing constructs, identifying
specific personas (e.g., The Visionary, The Skeptic), narrative ten-
sions (identifying a conflict in the field), relevance signals, and strate-
gic themes. This decomposition provides a structured "skeleton"
for the generation process, preventing the regression to the mean
common in standard LLMs.
III. Automated Narrative Ideation: Leveraging these decom-
posed constructs, the system generates technical narratives that
reflect the user’s unique perspective. By mapping the user’s techni-
cal input (e.g., a paper abstract or conference theme) against the
identified narrative tensions, SOMIN produces content that is both
technically accurate and rhetorically compelling, effectively solving
the "cold start" problem.
IV. Fully Autonomous Agentic Pipeline: To demonstrate the
system’s agentic readiness and scalability, SOMIN is integrated
with Agentic AI workflow frameworks such as Zapier. This setup
creates a fully autonomous loop where the platform not only gen-
erates the technical narrative but also triggers downstream agents
to format, schedule, and publish daily posts directly to the author’s
LinkedIn timeline. This "human-out-of-the-loop" capability (with
optional oversight) illustrates the practical viability of AI-driven
personal branding in a high-frequency professional environment.
The commercial utility of this technology is currently being realized
by organizations such as Matrex Analytica [15], a leading agentic
AI deployment company that utilizes the presented architecture to
scale executive personal branding for business. Ultimately, this au-
tonomous approach maintains transparency and yields explainable,
actionable recommendations [12, 25, 26].

2 The Demonstration
The demo video of this demonstration is available via [21].

In this demonstration, we present SOMIN, a platform designed to
empower researchers to overcome the "cold start" problem of con-
tent creation by translating technical expertise into high-visibility
market narratives. The demonstration is structured into two dis-
tinct phases: an interactive "Human-in-the-Loop" workflow for
narrative discovery and a fully autonomous "Agentic" workflow for
continuous content syndication.

2.1 Interactive Narrative Discovery
The first phase of the demonstration showcases the platform’s
ability to perform a "Reverse Brief" analysis on existing thought
leadership.We begin by ingesting a year’s worth of high-performing
LinkedIn content from the Information Retrieval community. The
system decomposes this dataset into granular "Content Pillars,"
identifying key communication elements such as target audiences,
pain points, and thematic angles.

Using this data, SOMIN generates a Perspective Study-a clustered
map of high-performing communication styles. During the demo,

attendees are presented with distinct personas, such as the Insight-
ful Innovator or Ambitious Scholar, derived from the most engaging
community content published during the conference period as well
as in the preceding months.

We demonstrate the generation process by:

(1) Persona Instantiation: The user initializes the generation
pipeline by selecting a target persona from the discovered
taxonomy (e.g., the “Insightful Innovator”), which defines the
thematic prioritization of the narrative (e.g., “Empowerment
through Innovation”).

(2) Rhetorical Framing: A specific strategic angle is applied
to the selected persona. The system modulates the narrative
output based on rhetorical constraints, such as “Impact on
Society,” to ensure the content resonates with the intended
audience segment.

(3) Multimodal Synthesis & Dissemination: The system syn-
thesizes the persona and angle parameters to generate struc-
tured insights. This triggers a cascading generation process:
• Textual Expansion:Creation of full-funnel content varia-
tions (Top, Middle, and Bottom-of-Funnel) with segmented
copy (Hook, Body, CTA).

• Media Generation: Execution of prompt engineering for
Gemini (Image) and Veo 3.1 (Video) to produce brand-
aligned assets in real-time.

• Deployment: A dynamically generated QR code facili-
tates immediate verification and syndication of the syn-
thetic assets to the participant’s LinkedIn profile.

2.2 Autonomous Agentic Workflow
The second phase introduces the "Agentic Era" of professional visi-
bility. We demonstrate a fully automated pipeline where SOMIN
functions not merely as a tool, but as the "Strategist" within a multi-
agent system orchestrated via Zapier.

This live workflow executes the following autonomous loop:

• Discovery Agent: Scans academic repositories (e.g., arXiv)
for emerging papers. In the demo video, the agent detects a
new paper on "LLM edge-based agentic video processing."

• Strategy Agent (SOMIN): Contextualizes the new paper
against a persona found via SOMIN tool integration - e.g.
"Insightful Innovator" persona, ensuring the output matches
the author’s established voice rather than a generic summary.

• Visual Agent: Calls the Gemini API to generate an isomet-
ric, brand-aligned visualization of the paper’s core concept,
strictly adhering to negative constraints (e.g., no faces, no
text).

• Editor & Execution Agent: Compiles the narrative and
visual into a final post and publishes it directly to the author’s
live LinkedIn profile.

Attendees will witness this pipeline operating in real-time, result-
ing in a live LinkedIn publication that references the demonstrated
paper, effectively proving the system’s ability to maintain a high-
frequency, high-quality professional presence with zero human
intervention.

To promote transparency and reproducibility, we additionally
include the consolidated agentic Zapier prompt in the Figure 2.
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Figure 2: Zapier Agentic Workflow for Content Ideation and
Individual Researcher LinkedIn Post Poblishing Based on
SOMIN-generated Communication Narratives

3 Performance Evaluation
To validate the efficacy of the DRAG module-specifically its ability
to distinguish high-value professional narratives from noise, which
serves as the foundation for retrieval accuracy across the entire
pipeline-we conducted a quantitative evaluation of the system’s
content scoring architecture, as detailed by Farseev et al. [9].

Notably, engagement metrics were excluded from this evaluation,
as absolute engagement values must be normalized against private
impression counts accessible only to account owners. Instead, we
benchmarked the ranking performance of our grounding model
against leading commercial Large Language Models to assess their
zero-shot capability in identifying relevant industry content.

Table 1: Performance evaluation of the Discovery Module
against LLM baselines. The SOMIN grounding model demon-
strates superior ranking capability across all metrics.

Model nDCG@5 nDCG@10 Recall@3 Recall@5

ChatGPT 0.511 0.750 0.333 0.400
Gemini 0.564 0.769 0.000 0.600

SOMIN 0.588 0.829 0.600 0.600

As illustrated in Table 1, our specialized ranking model out-
performs general-purpose LLMs in recommending relevant items,
achieving the highest nDCG@10 of 0.829 and Recall@3 of 0.6
among the compared models. While general-purpose LLM families
such as ChatGPT and Gemini provide strong baseline performance,
they struggle to capture the subtle, task-specific nuances required
for professional thought leadership without extensive prompt engi-
neering or carefully curated few-shot examples—an approach that
is often infeasible in rapidly evolving media environments where
representative examples quickly become outdated, similar to chal-
lenges faced in automatic classification using small datasets from
real-world settings [3].

This performance gap highlights the vital role of domain knowl-
edge in communication planning. By grounding its ranking mech-
anism in historical performance data rather than just semantic
probability, SOMIN achieves a higher signal-to-noise ratio. This
grounding, paired with the structural decomposition of content
into distinct marketing constructs (such as personas, tensions, and
insights), effectively directs the agentic workflow. Consequently,
it prevents the generic "lexical homogenization" often seen in un-
guided LLMs, proving the system’s ability to autonomously identify
and prioritize highly resonant professional narratives.

4 Conclusion
This paper introduces SOMIN, an agentic AI platform that lever-
ages domain-grounded LLMs to automate content workflows and
prevent content homogenization. By decomposing thought lead-
ership patterns, SOMIN helps professionals overcome the content
creation "cold start" problem, translating deep technical expertise
into authentic, engaging narratives. Ultimately, this fully automated
pipeline secures "LLM discoverability" within an increasingly AI-
mediated ecosystem.
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